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@) HCDN: A Change Detection Network for Construction Housekeeping Using Feature Fusion and Large Vision Models

rui Shao, Ya g Tian, Vineent J.L.

Workplace safety has received increasing attention as millions of workers worldwide suffer from work-related accidents. Despite poor housekeeping is a significant contributor to construction accidents, there rem
nificant lack of technological research housekeeping practices in construction sites. Recognizing and locating poor housekeeping in a dynamic con
e improved through computer vision approaches. Despite advances in Al and computer vision, existing method ecting poor housekeeping conditions face mant

, lack of locating of poor housekeeping. and lack of annotated datasets. On the other hand, change detection which aims to detect the changed environmental conditios

s, including limited e
anging from good to
poor housekeeping) and ‘where' the change has occurred (e.g. location of objects causing poor housekeeping), has not been explored to the problem of housekeeping management. To address these challenges,

we propose the Housekeeping Change Detection Network (HCDN), an advanced change detection neural network that integrates a feature fusion module and a large vision model, achieving state-of-the-art perf

ormance. Additionally, we introduce the approach to establish a novel change detection dataset (named Housekeeping-CCD) focused on housekeeping in construction sites, alang with a housekeeping segmenta

ormance improvements compared to existing methods, providing an effective toal for enhancing construction housekeeping and safety, To promote further

tion dataset. Our contributions include significant

development, we share our source code and trained models for global researchers: this https URL
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J&/4]: Specifically, we've found that the Viterbi algorithm can be used to pass
on the top k- best predictions from

e
propaf eI

J&E/A]: We've tested our methods on many NER tests, showing that we can
effectively pass on insights from a powerful BERT model to a smaller BILSTM

odel.
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the effecty pumrcymmms v
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J&4]: Looking ahead, we're interested in applying these techniques to other

areas like speech recognition and using other methods of transferring knowled

as mentioned by Chen et al., 2020
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SparkRA: A Retrieval-Angmented Knowledge Service System Based on
Spark Large Language Model

Dayong Wu', Jiagi Li'2, Baoxin Wang'-‘. Honghong Zhao', Siyuan Xue', Yanjie Yang', Zhijun Chang®,
Rui Zhang', Li Qian*, Bo Wang', Shijin Wang', Zhixiong Zhang', Guoping Hu'
1. State Key Laboratory of Cognitive Intelligence, iIFLYTEK Research, China
2. University of Science and Technology of China, China.
3. Harbin Institute of Technology, China.
4. National Science Library, Chinese Academy of Sciences, China.

Abstract (

SciLit-LLM. SparkRA i
and provides three primary functions: litera-

Figure 1: The process of building SparkRA system.
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